Running head: Demand Forecast Model

Demand Forecast Model									          2

   

                                             

[bookmark: _GoBack]Demand Forecast Model
Name:
Tutor:
Reg Number:
Institute:








 
Introduction 
With the modern integrated business and market conditions, businesses are being choreographed to join the evolving virtual platform. This hence has seen rapid evolving of markets as well as high volatility in demand of goods and services. Demand forecast model is generally a tool used to predict future sales demand for a product with the aim of helping management optimize its supply decisions. These forecast models enhance the quality of decisions made by the firm’s management hence lowers inventory holding cost, creates customer satisfaction, improves supply chain management as well as profitability (Lewis, 2012). It is therefore important for Ami to adopt sophisticated demand forecasting techniques to meet PK Village sales demand on the lubricant product. Also, SKU’s sales will be maximized which will increase the overall sale revenues of the firm (Chase, 2013). This report highlights a detailed sales forecasting model which will allow Ms. Patel to manage sales demand for the upcoming months effectively. Also, all the necessary assumptions factored in the generation of predictions in the MS Excel will be articulated. Lastly, the summary, analysis, as well as a recommendation on how Ami will handle sales demand, will be factored.
Assumptions
During the adoption of the three models, various assumptions were factored to ensure they were consistent and effective. First, the forecast assumes that the market will remain uninfluenced by external market forces in that competition will either remain constant or grow accordingly as demand for the sales increase. Additionally, no extra cost will be incurred on advertisement processes hence assuming veteran customers will refer other consumers to purchase the product. Since the product quality will remain undiluted, it is assumed that the number of sales will not have a major influx regarding quality. Additionally, it is assumed that production line supplying the product will experience no major interruptions hence demand will not be influenced by machine breakdowns from the production unit. It also presumed that Ms. Patel would not increase lubricant prices to ensure demand for sales does not decrease (Roberts, Gary, & Heriot, 2014).
The attached Excel document contains two vital worksheets; named as Automated Forecast and Combined Linear Forecast which highlights the expected sale demand outcome of PK Village entity in the next one year. The first worksheet represents raw data derived from past five years demand data as collected and recorded from the firm sale inventory. Right from the year 2013 to 2014, the data shows distinct complex sales trends which have been integrated to generate meaningful information. Raw data has been keyed into an excel worksheet where it is grouped into four columns with the first amplifying for Period, counting from 1 to 60 total months in January of 2013 to December of 2017. The second column represents a year from 2013 to 2014; the third stands for a month in a year while the fourth exhibits total demand of the lubricant product. 
In the automated worksheet, the keyed data is highlighted and clicking on forecast sheet in the data icon, a detailed forecast tabulating forecast up to the 73rd month is given. The worksheet gives the actual forecast, upper and lower bound limit. As the results emerge, the upper limit demand sales for the first quarter of 2018 are estimated to be 444.28, 579.37, 453.00 and 444.92 with the lower limit being 289.52, 423.37, 297.75 and 286.40. It is hence wise to adopt actual forecast which averages the two bounds hence giving the forecasted sales of January, February, March, and April of 2018 as 366.9, 501.37, 374.37 and 365.7.
     On the other hand, the worked-out sheet gives varying results where two models of demand forecasting (Linear and seasonality forecasting treads) are used. In the first four months of 2018, linear sales tread is expected to be 363.69, 366.21, 368.72 and 371.24 while seasonality forecasting method for the same period predicts the sales demand to be 354.10, 540.83, 356.17 and 358.86. This information tends to generate a disparity which requires intense analysis to enable settle with the most effective figure that will be of help to the firm as well as to Ms. Patel. Additionally, the three graphs as shown in excel workbook displays distinct varying information with their waves showing how the sales demand of the firm’s SKU. The linear graph on its part indicates a demand for the lubricant might increase progressively in the first quarter of 2018 with January sales standing at 364 units. Seasonal model as well indicates to increase constantly with a sharp rise of up to 541 units in February however the lubricant demand in January may be quite low at 354 units. Automated graph as well estimates demand for SKU’s product in January to average at 367 units with an unstable reflection in the first four months of 2018 hence differing with the other two.

Recommendation Plan and Conclusion
From in-depth analysis of assumptions factored, the nature of the forecasting models as well as the figure generated from the model. It is recommendable for Aki to ensure she maintains high-quality customer service to avoid competition from firms retailing similar lubricant product. Additionally, she must see to it that the SKU lubricant is up to the required quality standard while at the same time maintaining the primal selling price, this will keep demand constant hence realizing the forecast highlighted above. As predicted from demand forecasting models, the average demand sales of the three models lie at 387.36 which indicate at least 387 units of the lubricant will be demanded. It is thereby advisable for Aki to ensure she stocks this number of units in January to allow her to meet her customers demand. Since the three models give distinct forecasts, it is advisable for Aki as well as Ms. Patel to adopt the three techniques and later get an average figure from the proceeding figures which will ensure efficiency of the information being generated from these projections (Thomsonpolous, 2014). 
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